[EBREIRIFZE) (HACKS:) 37425 Fk294E2H

81

FHEARXRVPDTFA I, =T
REIIN T Bk - B50 DidA

||

Z &

Kazuharu ToyokawA. Monitoring Learning Related Emotions and Engagement from Student Comments via Text
Mining Analysis. Studies in International Relations Vol.37, No.2. February 2017. pp.81-87.

Observing students’ emotions, learning attitude and engagement, a teacher adapts his/her teaching and provides

appropriate feedback to them. In a large classroom setting, however, it is not easy to observe directly each student’s

emotions.

In this paper, we report experiments for monitoring students’ attitudes in learning from free style comments

after each lesson. We used several lexicon based analysis methods. One method used a lexicon for affect analysis,

and the other is that of listing characteristic words of course topics.

The experimental result shows that proposed methods can monitor engagement to learning of each student

and a whole classroom. Also the methods can predict the final grade score of each student within 9 through 11%

root mean square error.
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